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Al i  Matrix LSUs access C arrays according to MatInfo <id>MATRIX SIZE PARA</id>
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[MaxPool2d] Traffic Sign Recognition System

kernel size=2 ¢ RISC-V Binary Generation from Trained Model
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E’Eziﬁt”"ﬁ:w < 5 S i Construction Load 3 » Camera and Display Connection to FPGA Board
B : . Neuromorphic * Digilent Genesys2 FPGA board
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Accelerated Accelerated
e e *+* Development of Application Software

+** Overall Learning Process * Handles camera and display via SPI

i S, User Inputs * Preprocesses the captured image for network input
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NNcfg Network snnTorch + QAT | Accuracy ¢ 33x Faster Inference
Construction < Post Process . _
Gradient-based * e 202,418 ms (baseline) - 6,096 ms (with NeuGEMM)
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e Cstructs for supported layers
% snnTorch * NNcfg parser for layer structs
e An extension of PyTorch for SNNs * Preprocessing functions for supported datasets o
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